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Application of Inclusive Classify — analyze Approach for Multiple
Regression Subsequent to Latent Profile Model

Zhang Jieting' , Zhang Minqgiang” ,Jiao Can'
(1. College of Psychology and Sociology ,Shenzhen University ,Shenzhen 518060 ;
2. Center for Studies of Psychological Application,School of Psychology, South China Normal University , Guangzhou 510631)

Abstract ; Inclusive classify — analyze can overcome the underestimation of simple regression parameters by the traditional classify — an-
alyze approach in subsequent analysis of latent profile model ,and manages to simplify the estimation of interaction among variables. The
current study aimed to extend the inclusive approach to some multiple regression analysis subsequent to latent profile model. Monte
Carlo simulation study was conducted to investigate which variables should be included in the latent profile model , and whether interac-
tion should be considered in the subsequent analytic model. Data was generated based on regression model of a binary distal outcome to
a three — profile variable and a binary predictor. Four commonly — used model scenarios were considered : multiple regression model , and
regression models with moderator ,mediator or both. The results confirm the necessity of adding distal outcome to the measurement mod-
el,and also suggest that,variables related to or interacted with the latent profile variable should be included in the latent profile model.
Failure to include these variables would induce attenuation of the estimated effects. In addition ,we found model which include interac-
tions term is more robust in the subsequent analysis.

Key words: latent profile model ; subsequent analysis;inclusive classify — analyze approach ; multiple regression ; mediation ; moderation



