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B E:FARAXIEINANURBF-ABOE 2R, RAFA R B BT A ()
A5 A ABGP A (N=138,M=14. 1 ¥) F R E RS2 A (N =136, M =19.3 ¥ )4k, &t
Bl EXE RS, HRAEA SR TR S BB RFHH,EREF (DA FARLSE
AR AT E BB R s OB B A R ARG (2) FA B R RAE R B EHGRF otk (3) #7
TAFABERNGERIKRTRAF L, £ 2 RAI RS HE RGOS, BFABLIANEA G
BBRGACEFFBRELER R P AACRFELE VRMAFIARE,

KER:AABLRGEE S AN I TR P £, k¥4

HE %S :BR42.5 ERFRIRAG A
1 3|8§

RRA 2 ASE 2B I AT, A R 2K
TR E R LTI, HAE R (rec-
ognition heuristic,, X T & A% RH, Goldstein & Gigere-
nzer,1999,2002) gt B H H—HFl, #BH5 Goldstein Fi
Gigerenzer( 1999 ,2002) B & , RH 2 A{T7E R R
i, (A FHANE SRR R AN BB RHA Y
A (4R, 38T ) AH LU P AR B 7 S8 e BORR vEE (2,
AR

TEVF 2, AR B AR A 5 B s g
R B B F 7 ( Gigerenzer & Todd, 1999) . Hhlm
TE AR A — M A D 20, AfTE
1501 TR (HEFERE I RACRMRAB X
—ZRR 7 KBRS M $8 H i BE ( Hilbig, Er-
dfelder, & Pohl, 2010 ; Pachur, Bréder, & Marewski,
2008) o [FIFETERIA BT HLB BT, AR R
AULBATFER R XA F, TRRENEE R
HAK G, @8 HARZHAD X ViTE
B, AT REEFI A T H B AR,

FE b, MR SRR FARIXT 4,
T A2 32 2 (AR AE 036 5% 1K A LA F (Pachur, Ma-
ta, & Schooler, 2009 ; Michalkiewicz, Arden, & Er-
dfelder,2018) , B 5%, BF5% % #1 RH fili f % 8L &
FRFE BE B 4% 388 58 M7 1 ( Pachur et al. ;2009 ; Michalk-
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iewicz,2016) . FEIAFEN LR KT 7 2 LAA-AR
J# (recognition validity , Goldstein & Gigerenzer,2002)
Fon W, % EA B IE 6 19 L), Pachur 55
(2009) BB 5 & BB 3R B HS XoF P A 005 1) RS
P, YRR R i, RH {8 7 LG9 384 05 46 52, RH
ARG, R, BH58 & B RH E HIFFTES B )
& 22 5 ( Pachur et al., 2008; Hilbig, 2008 ),
Michalkiewicz F Erdfelder(2016) fJ#F5% &% B 7E RH
i 2R B 2 i ] I A 2 3 07 SN AR e
RH i HAFTE B R & i, RH 7T B8 5 MR
R A HERER Ko

RH R B A MK FER R REYE, AL
Befk25 5, Horn, Pachur A1 Mata (2015) DLEH £ A
(M=25Z)MZHENM=T1 3 ) BT R KL
PR KR A RE, Hoep 248 AR i A
RH, Homn.Rugger il Pachur(2016) )} 9 %' .12 % Hl
17 % =R HE PR, ZR 9 ZILECZREBE R
eI RH,(HHA 17 2 5 JLEBE A vEHe s i
A RH, R IE R AR SIS E 2 1 F§ RH, 3
& Hom SFMPIIET ST , (D F- 75 5 e RH {5 ] B4
WA R JR AR I Y BRI K ¥ #e, {H Pohl (2017) —
WL & .14 Z F1 23 B = MRS A gl a5
RIAERH A E,9 53] 14 Z R EFHEH, 14
AR MR TRE&ES Fril, X T RH R

« BETE .« E RS B Wi b ] Q0 e B 0 H %80 (2016 ~04 - 011 ~ BZKO1 ) .
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BHVERERIEIR R R AL, I E A M =R R R
AP E SR

SUBFNER I A R R BCR DL R AR
o RE PR A B HE XS SR LD I HE DT B R R
S ( knowledge validity, Goldstein & Gigerenze,
2002) ., MMARRBTRAR A RH FHREF KX
%7 Goldstein Fi Gigerenzer (2002) $5 11 RH {ii Fi#]
T EMRERZW, MR HAEE# T RH
Mo MW EZUUBEN BRI 5 R E, R
RH ff i 772 & 0 AH 3G, FR W 4> RH &) { ]
( Gigerenzer & Todd,1999 ; Michalkiewicz,2016 ; Filev-
ich,Horn, & Kiihn,2017) , RWEANSEIAH ERH
HISCH M JCRE L , Hom S5 (2015 ) BIAF ST & BLAIR Y
X RH i F 30 520 5 Pohl (2017 ) HYBIFFE A B
AU RH R K

HET R RBFR R, BHR X AR 4
WHIARRE B B , AR P AR R UAE R A R SE TR,
TR RS R A B AT 45 I 5T, ] RHL i A
FHE .

e &

(1) RH {5 IR 3R i AUl 1o 14 5

(2)RH i FIfALE B3 MR 2= 5

(3) FAARI L B AR S K

(4)RH fifi FR I s FEAE 1 K 1 3, (HiX —
BRI TR s e o
2 HiE
2.1 #k

IF 274 ZHiAS HUR 138 B/ IIERD
HAE I 136 43 AR R . PP S I vy AAR LL 82
LI E 79 N, B4 40 A, &4 39 AP35
BMM=13.9 % ,SD=0.5; KFEETT A, B421 A,
ZHES56 N, M=18.9 % ,SD =1.2, ZHIT Ji i &
HBAESBIFIT A SO N, B4 20 A, 39 LM
=14.3 % ,SD=0.7; R4 59 N BAE 23 N, 2ok
36 \,M=19.9 % ,SD=1.5,
2.2 #HAFetR A

R4 8 B X b %5 B 9R i =X ( paired -
comparison task , Goldstein & Gigerenzer,2002) , D43k
TR LA 45 RIRT i ot 2 LA 55 il iR L

BT LU RAT: 5548 & T HERRAT 55 R0 AT
%o MWEES T, FEUOA LR MR AT E
2, Rk, BTR I T L AL A2 s BT 55
SRR R B LB T T A, BTk

FT7 14 4~ AR 300 J7 M E SN , O TSR
Tzl T , 33X S 385 T 44 Bk B Ry v SR 38 00 LU 1R
(BI85 ) o FTR IR AT LA, 3
A 91 MBS,

TR R AT 55 AR & T HERAE S5 AR
£55 . HEEES T, F RO LR M — K i &
R BTS2 X MR 2 3 AT R 4 FR 2T F A
FIWT . BESEESEE T BRSO T 2B Y 15
- SEIRRE R I ERE INGE A= ST DI o 00 a5 S
A 105 4B o

B+ T 50 DA BEGR A B 5 o A (R S B AR
K& M ECHELIFEHAT, ~RNBHRZE 6
No BT BT A B LAAREE Iy AT . BOal7EIH
HEEH ERERENANERE &7 T
%, 85 M ANE S, o LB (Goldstein &
Gigerenzer,2002 ; Michalkiewicz & Erdfelder,2016) 3%
B 55 0 X 5 SRR 2
2.3 BEHH

Goldstein FI Gigerenzer (2002 ) i RH —F &R
(RH adherence) i it %1 RH K, R AA
(P BT R RANRH A ) P BRI AR b
5, 4B IE a0t 37 ( Hilbig et al. ,2010 ; Pachur et al. ,
2008 ; Hilbig , 2008 ) ff 5 H} 9 RH — R I K 47
RH i F3 A1 0 2 {8 1) /9 J %6 o Batchelder 4%
(1999,1994 ,1988 ) #2 H Y Z I 2. 41 T #F ( multinomi-
al processing tree , MPT) 15 &I GBI 43 B 43 25 B0E O AE
Bt R, S B A 7 LA W] 230k s AH B
AR AR IR 2 B2 S S B ZE (A R A 1Y
43#. Hilbig 45 (2010) 72 MPT #1814 BLnd) 32
1) r — model ( L&) BEAE SE HL X B4 RH i F 1 7
B BALAFKSEERA RN TSR,
S8 a RN P EFRIAERB LA, EFT
JEok FIFEARUE o B8 b R ARMUE, —7ERIR
HPFIRMEHEMMILE, 58 MY, S8 s KR
T 2H rh oS I T B HL 3R S8 r SR B gl RH fE
MM, 248 MPT REEL AT B, e i B
PWHATILE , XA T g0l R kW R, SEAES
GV AT BEAF R R 3T - (IR AR R (I | 28 551R
(Klauer,2010 ; Smith & Batchelder,2010) , N7
SR PRI, Smith 11 Batchelder (2010) 2 H 2 2% beta

- MPT 68, ZAE BRI AR S EUE R I T
ST TR T4 beta 4377 , J7 25 K/ T A4
ZRIMZE R
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1 BIARES MPT 52
i ;1 — model . (Hilbig, Erdfelder,& Pohl,2010) , M E A R TR E4L£ B F 5 5 vA4E
HAl AR T, BRI, T =3 BB oin A B A FAE, K
HEHI me {l, - M8 AREAEES Cm P o5 —#F, BEHELS ab.gr 2 HREFIARE

S iR AR IR M A B AR

571 TreeBUGS 03 MERIBAR #4743 (Heck,
Arnold, & Armnold,2017 ; 5B [G] B o3 {4 JAGS, 1%
4] DAE 1 http : //meme — jags. sourceforge. net 4
BAkiR) o TreeBUG R XT MPT A BT 2 M
4187 R A5, R A beta — MPT J71: /0 #7803 , Bayesian
MCMC R RIS RHAT T O TSR A
GRS HUAL T, X TreeBUGS BRIA MY Hl14F 2 Bt
ITEH R, ¥ 3% A UCEIE in v 30000, 58 K3
3000, WABEITER, BaRITA SEEHAEAT IR
$4(R <1.03; Gelman & Rubin,1992) , 25 R 43k
HRELSHON RH RS H o, FARE
a, FIRRUEE b LARE MR ¢ X EAT]IK 95% Bayes-
ian T {Z [X [A] ( Bayesian credible intervals, BCls) ; 2
ARV o SRS S BLIMARE 2 5ok, AR

ALE O B, B F R . TreeBUGS 3R REHS LB 5 1517
SEOF SBT3 TF R 4, DFFEH 4R
FRABLARSUE B AT IARUE o /5 RH K
R RIAT T, RGN AR
3 B&R554

BeX LA S AT EE R LR 17, S5 R BR
14 b, B b A AR T BOE 2,1 (154) =
3.33,p<0.001,Cohen’ s d =0.50,BF,, =25.47, Il
- F R AW B BB TE H B2 T T R
PR H B Z T REMEIN 25. 47 15, S R B X He
FHEARE H, , By P AR A TE BT D, BT
HENH B S BIAES W AR R
#,1(154) =0.48,p =0.630,BF,, =5.21, NH-H#r A
FRIPDIZ BB A H BB Z T al R RAE

v PR TSGR B AL T, S T UL nHT B F ( BayesFactor, BF ) B bR 52 HO sl BB HI WSCRRRREE . DURE AT 7383 BayesFac-
tor R 413 ( Rouder, Speckman , Sun , Morey , & Iverson 2009 ) #E473H8 , f B M Jeffreys (1961) 250k ( B A $I4EM5%5 ,2018) , BF, >3, %%
FeUd BRI IR S R PRI H1;BFy, >3 (45 [F T BFyy <1/3) 4 R DL R EE (R ESE X Rp Rk HO,
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H R Z T A REME 5. 21 4%, B R E X HE R
Hy, Wil RH BT LR P 1(154) =2.64,p =
0.009,Cohen’s d =0.37,BF,, =4. 10, 7EFiA W
HES T, FHEREERALE ,1(154) =1.46,p
=0.148,BF,, =2.18, MMHERABBNREZRA
B 1(154) =0.96,p =0.337,BF,, =3.79; A5k
FEERAREE 1(154) = —1.04,p =0.299,BF,, =
3.52,

15 SR, 90 A2 4 B BT g b,
RN EE +(116) =1.28,p =0.202, BF,,

=2. 44, BRI AL B A AL A B B 5 B

FiEES LAl ZRAEE,1(116) =0.25,p =
0.805,BF, =4.96, W4 RH — B X EFH% T
2 1(116) =1.77,p =0. 080, Cohen’ s d =0. 28 , BF,,
=1.25, EFARHEHITS P, HAFHEEFA
B2 1(116) =0.81,p =0.419,BF,, =3.80, W1
ERMHBARE RN G B E,(116) =1.77,p =
0.080,Cohen’s d =0.28 ,BF,, =1.25; HIHAk 2R
REZE 1(116) = -0.48,p =0.629,BF,, =4. 60,

x1 YPEMAXZEEHTARLRESHARAELRES KA

W% AR

wmHEd KA Ay KEAdq

(n=79) (n=77) (n=39) (n=59)
HREFARL 6.81(1.37) 7.53(1.34) 6.64(1.37) 6.98(1.49)
BBHEA He st 47.11(2.32) 46.94(2.31) 53.66(2.88) 53.80(3.08)
T 0.52(0.03) 0.52(0.03) 0.51(0.03) 0.51(0.03)
PRI o 0.76(0.08) 0.75(0.07) 0. 68(0.09) 0.64(0. 10)
AL B 0.60(0.12) 0.62(0.10) 0.63(0.14) 0.64(0. 14)
RH —3 % 0.81(0.15) 0.86(0.12) 0.81(0.17) 0.85(0.11)
BIRIE %R 0.62(0.06) 0.63(0.06) 0.58(0.06) 0.59(0.06)

RIS HAETHSBRAREIRGE R ILEK 2, i
PGS TARUE, P A AR EAAR
YRR LA AT 55 P TA SR 3 LU T e A LU AT 55
e A% R Ay, =0.08[0.05,0.11],p <
0. 000, KA AR Au, =0.11 [0.07,0.14] ,p <
0.000, 7£ RH f# FJ7 i, BU 4 4 7E W A 55
HBRAEBEZY, PFEHER Au, = -0.01[ -
0.12,0.09],p =0.598, K2=AH%E R Au, =0.003
[ -0.08,0.08],p =0.466 , &I & P~ 4F % 4H 11 8%
RAREA TE 5 FRA R B S8l 5 2 b 5 ) RH 36

W, WF 5T A SRR 1,

H 3 2 WAL BT S 8RR R (o) BT
(ERIEERA S 0 46, P BHR 2 B 774 5 R
He, B RS H r RTE RH 2 AR L BA
(A fR2E 5, BT TR 2. X HARIES &4 T
KA B HFRIER (0, = 0, s — 0w
R 2t ORI AE AR B B TR AL BT, Ikl
HEE 4 P(or >01D) ~0. 94 i i fi il A4 P
(gr>01D) ~0. 88,

2 EHRELRESTTRRBILRESSHEITIHN o RIFEIR o(& 95%BCls)

LS

MRAES

whAd
(n=79)

REAH
(n=T7)

REEAH
(n=59)

whAd
(n=59)

© o ®

o ® o © o

0.74 0.05 0.74

0.05 0.66 0.08 0.63 0.08

BN (a) [0.72,0.76] [0.04,0.07] [0.72,0.76] [0.04,0.07] [0.64,0.69] [0.06,0.10] [0.61,0.66] [0.06,0.10]

0.60 0.08 0.61

0.07 0.60 0.09 0.62 0.09

HITUHE (D) [0.57,0.62] [0.06,0.11] [0.58,0.63] [0.05,0.09] [0.57,0.63] [0.06,0.12] [0.59,0.65] [0.06,0.11]

0.49 0.06 0.49

0.07 0.49 0.06 0.51 0.06

MU (g) [0.46,0.52] [0.05,0.08] [0.46,0.52] [0.05,0.09] [0.46,0.52] [0.05,0.08] [0.48,0.54] [0.05,0.08]

RH {7 (r) 0.58 0.28 0.69

0.24 0.59 0.29 0.69 0.19
[0.51,0.64] [0.24,0.32] [0.63,0.75] [0.20,0.28] [0.51,0.66] [0.25,0.33] [0.64,0.74] [0.15,0.23]

SRS LUBAT 55 P, KoL AP A 4 3
BRI R T MRS, TR X EL A (5 ) 7
INEEAEMRNE, P H LR BE, A, , =0. 14

[0.11,0.17 ); R HEHER B E, Ay, , =0.13
[0.10,0.16] . PRLHEITFRINE o B TREHLAKF
(A XA AL 0. 50) s AL Z [ AR BEA A 7E
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BEXES Ay, =0.01[ -0.03,0.03],p =0.509,
FHRE b & TR MK, B Z B AR A
FEREES Ay, =0.02[ -0.02,0.05],p =0. 264,
PUZH I E B ZR AR AR 0. 50 24 . PWI4H A FRIARR
BE r B T HEHLK S B4 i RH i A 48 % 4 [A) 77
TEEEER Au =0.12 [0.03,0.21],p =0.004,%]
A4 K RH IR TR 248 RH A, X T &
% 4 AR RH R Z R R

AT TR LA AT 55 o, FE DA A5 A R B 2
BHHEEER, PEEAEZREE, Au,_, =0.06
[0.02,0. 11 ], FFARUE & TR0RAREE s RepAE 4 2
ARSI, Aw, , =0.01[ -=0.03,0.05], W41
IR o B85 TREVIK T A Z H FRARUEAR T
EBELEF, Ay, = -0.03 [ -0.07,0.01],p =
0.949, B MAITRSE b & FIEWAE, ¥ £ 8

TR AR, IR A EE N EER, A, =
0.03[ -0.02,0.07],” =0. 140, Wi f%s M EHE =
HBAE 0. 50 Aoty WIL M FARUE r B T HEHLK
R R A RH I HFEREER, Au, =0.10
[0.01,0.20],p =0.015 497 H 4= 40 iy RH fii FiIR T
REA4 RH ], # — 2 36 TR A RH 1]
2z R

DA B A BB AR SUE B R B AL
FFINSE o F1 RH i AR BT 45 2R W4 3,
FER BN T A FASCS RH I 5AH2C, RIHARL
FE5 RH B9 20 2 30 A58 /INAH 26 5 1T A 45 B A
5 RH M8 AHE, 5RERALE EAHSG, Wl
FUR LT 55 PN 5 RH {5 P 20 R 90 A
KPR BAES 5 RH IS8 IEAHC

F3 WHARERESNARKELRESEAB AR E FALEMN RT ERGEXER

HI2:Z¥(95% BCls)

W% RAES
gy KEEH gy KEEH
ZESSETS S -0.268',1-13.029] [ -0.2§5?,' 1-906. 1067 [ -0.1(?5' ?(}.9063 ] [ -0.8'7(1)‘}(9). 1661
MPREER o, 038 ,5(()). 1361 [ -0 i ?3.2037 ] [o. 13'7%(1).1 2951 [o. 2(3)'6?39459]
EYRLE ~0.306 ~0.180 0.034 0.027

[ -0.382, -0.229]

[ -0.266, -0.092]

[ -0.051,0.120] [ -0.090,0.143]

4 iFig

LS T AT 5 A B LA Hh A R 2 A iR
g T AN RURTRE T A [ 4F 08 1A B 18] B R SR AT g o
PAFRA R & 3 (recognition heuristic, RH, Goldstein &
Gigerenzer,2002 ) 2 i I #R5E 76 RH i {2 5
FIEANAZ R, RH 1 F SR B B A RS & R 4F
k. RAZHZZT I TR beta - MPT X g
PAT /AT, AR L RE SE 9L RH P 5R rp AR A RO i
FARI AT 8 , B SRS B S TR e () &

B 4G, DI scR K RH (i F A7 SUERE 1 1 o
TEWDFR PR APOLEREFE N T RH, X —
B4 R UL TG W AR R R A AR R TR T
IMENEREREFMT , REHE Ak
REVIRIE o (HIEA [l G, P AF R4 O BT B
BRI AN K RH M FMSE, X —Z5RMZH]
Pachur ££(2009) DA M Horn £5(2016) 47385 88 18 1Y
RIAIR] o AT BE R J P i b I o7 44 W REAA 5%
FAE AL TR R e IR B A A T R, 72 R R A
RH i F AR 0B, ST 4 45 b BHA BRI RH fif
FHBARSE, AR 55 FRRE AL RH A IEARSG,

XTTREH S T 2R M1

HIK,fE RH i | AR BE N MEER,
XMt & B B3R & — 3 H ( Hilbig, 2008 ; Michalk-
iewicz,2016) o MAZE R MAFLER] BB BT T MR
[ AR R e R o BFSE B BR5E
{RAZE X RH i i (B8 g0 iR 230,
AR BIIARIRE T HE QA [F] B TR 17K 7, AR
AE B xS R (EREAFZmIEM, [ Hom
Z(2016) YBFSE 25 R 2B, ] — LW AR 55, P 4E
ZH B) PR S A L DR 2F A R S R B R, — N HT BE Y
JE R SR A 55 X B B A 2 M A [ P s B , B AR P4
HEWMESH SR EMBEZETABE BEmHE
TESE BUEE A I 36 oy T 2 B 22 I ] A 2 A
yal/igl 8

TR, TR AR B R S K E S 7
Hp A AR AR B, R AR H B R U BT R
B H N AUE AR Z R BRI,
AT AR A~ e i A s B E 2 R
XFERERIR T ARG G, Fiid 2 Pohl(2017) BB
FEABARL 5 LA Ay b4k 1R 0 A 1 TR A BE A



138 i BEE R

2019 4E

RUBEAR, R A ORI 5 AR S, 37
BEE IR HE S , BRI A R B X & A
P E R WA PRI, RIS BB
A 0 AR 22 S AR TR EE 3 o

&5, RH i A ERF A 22 5, W0 Hh AR 4 RH
FAMHL R HE A HiXFh =R AR REEH T
HR B 2257 BT B o A 25 R DASS T ARASE L
1E55 7 81 BB BT 58 25 5 — 3 ( Michalkiewicz, Arden
et al. ,2018 ; Filevich et al. ,2017) , 155 & ¥ RH i
FAFIIRT BHABCZ [RI AL R SR ¢ A T IR AR
FETRESAER . T IR LLARAT 55 A 9 RH {88 F AR YR]
WA BCZ IRIFEAE 2 3055 AH 5C RT3t Uit 2 PR AR
FEIEARS (Bl TR AT I R EE HRBUE
BFUREER A R FR 2R, B RH £/ #
SR 2= FAZTB IR R A KR, L2 T
RIBAZIE R . W EVFRAN B TIAFHEES KA
B TAECIZ A B BARA A I T ERIE , 7
JUTE AR SRR B i B R T R A B R R TR Y
RIS (H A BEF N g T e B v B A
KAF BB B M R B ARER T R EEER JER
FNRR B, SRR 27 JLEA LA K2
W& LB I B B 2 M {5 1 1R A SR g (2 AL Pohl,
2017 ;Horn et al. ,2016) BF5R 45 SR FF T 485 —fb R
S BB AE T TSR Tk AR R AR IC
TZREJT , TEFFAR R & TRIPLKF BT, A A
REAE S Z MR T RH 33X —fR] B PR TR SRR o
5 #ig

DA 2 R 2 2 i L DA AS Rl FRA R
BERRL R HAT 55 1 RH i FIBFR & 3 iR
R FEGE R K W a % RE A E R E A
R2: 5 RH fff FIA7 £ BB MR 22 5 0 b AR AR I
BT R A 56 /0 T RH, R e S Ao ) v A= 4 B K
FAEDRBFFAR R, HX —~Z RN H T
MYPUE R, B2 2 T R ENEER

2% 3k
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BEE ,26(6) ,951 —-965.

Batchelder, W. H. ,& Riefer,D. M. (1999). Theoretical and em-
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Simple but Not the Same ; The Case of Recognition Heuristic Use

Wang Xiaoguang'” , Hu Xiangen'~

(1. Key Laboratory of Adolescent Cyberpsychology and Behavior, Ministry of Education,
and School of Psychology ,Central China Normal University , Wuhan 430079 ;
2. Central China Normal University Branch, Collaborative Innovation Center of Assessment toward
Basic Education Quality , Wuhan 430079 ;
3. Department of Psychology, The University of Memphis , Tennessee , USA 38152)

Abstract ; Recognition heuristic( RH) theory holds that people rely solely on recognition information to make decisions. Two tasks with

either high or low recognition predictive power( validity ) were used as materials,junior school students( N =138 ,M =14. 1 years) and a-

dult college students (N =136,M =19. 3 years) were selected to explore the characteristics of RH — use. A hierarchical multinomial

processing tree( MPT ) model was used to analyze the data. The resulis were as follows; (1) junior school students had fewer materials

recognized or less correct knowledge cases inference than college students; (2) there was substantial heterogeneity in RH - use; (3) the

use of RH for junior school students was lower than college students. Conclusion; knowledge shows the trend of growth with age, and

there are large individual differences and age differences. Junior school students are less dependent on the recognition clues than college

students when making decisions.

Key words ; recognition heuristic ; hierarchical multinomial processing tree model ; junior school student;college student



