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Identification of Depression Risk Features in Social
Networks ;: Deep Learning — Based Approach

Mu Yi',Li Qiang' ,Huang Xin',Meng Xianghan®
(1. Department of Social Psychology,School of Social Sciences,Nankai University, Tianjin 300071 ;
2. Tianjin Academy of Administration, Tianjin 300191)

Abstract . With the development of social networks,an increasing number of individuals are expressing their emotions and needs in on-
line communities ,including disclosures of depressive symptoms ,thereby opening new avenues for detecting depression risk features. This
study evaluated the performance of nine advanced deep learning models in identifying depression risk indicators within posts from the
“Depression Community” on Sina Weibo. To validate model effectiveness , we first conducted a term — frequency analysis across the en-
tire corpus to create a standardized annotation scheme for depression risk features ,and then compared each model’ s predictive accuracy
in a multiclass classification task. Experimental results demonstrate that a text — based convolutional recurrent neural network is particu-
larly adept at capturing the critical linguistic cues associated with depression risk. These findings provide a reference for developing de-
pression risk early — warning systems based on social networks and deep learning.

Key words: social networks ; depression risk features ; annotation scheme ;deep learning



